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WHAT THE PAPER IS ABOUT?

e Influence Maximization

¢ Y=L ST EEOISTY
EML T, TEHEFAD

 Topic-aware
c FHDIEHIERNGEREEICELGD
 Online
- RAEEBSFHEDEHRMARATIADT,
ZDEE. LL)seedsetZ, HHMNLHFE
LTHEW-RIFEZE>T—BRTRDS

Gl




INDEPENDENT
CASCADE (IC) MODEL

[Kempe, Kleinberg, and Tardos; KDD 2003]
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TOPIC-AWARE IC (TIC) MODEL
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SOME NOTES ON

TOPIC-AWARE IC (TIC) MODEL
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PROBLEM
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PROBLEM?
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OVERVIEW OF THE APPROACH
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1. INDEX POINTS

(a) Distribution of TIC items  (b) Distribution of sampled items from Dirichlet(ex) (c) Distribution of index items
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2. PRECOMPUTE
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OVERVIEW OF THE APPROACH
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3. SEARCH IN INDEX
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3. SEARCH IN INDEX: HOW
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3. SEARCH IN INDEX: HEURISTICS

(How to search 10 neighbors from the tree index?)

* Approximate K-NN:
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Anderson-Darling test:
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Kendall 7 distance

3. SEARCH IN INDEX: HEURISTICS

(How to search 10 neighbors from the tree index?)
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Figure 6: Accuracy comparison.
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Figure 7: Run-time comparison.




4. RANK AGGREGATION
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4. RANK AGGREGATION

Weighted Copeland score
Copeland™(v) = X, X {w; | T; (v) <T; (v)}
where 1,(v) := Index Point j @ seed list TD v DIF{

a)EL\JIE':jE&é Table 1: Kendall-t distance between the seed sets

produced by aggregation algorithms and the ground
truth computed by standard offline influence maxi-

mization computation.
| Seed Set size k | Borda | Borda™ | Copeland | Copeland®™ |

5 0.100 0.096 0.104 0.087
10 0.073 0.066 0.068 0.062
15 0.071 0.065 0.068 0.061
20 0.068 0.063 0.068 0.061
25 0.068 0.066 0.069 0.064
30 0.068 0.067 0.071 0.066
35 0.071 0.069 0.072 0.069
40 0.074 0.073 0.075 0.072
45 0.079 0.076 0.077 0.075
50 0.081 0.080 0.079 0.077




EXPERIMENTAL SETTINGS

* Flixster (BELE21—SNS) dataset

* 30k users, 425k social links, 12k movies
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Figure 8: Expected spread comparison.




